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» Better-than-chance classification in both
hemispheres, including midline positions.

= Robust classification of contralateral ILDs in each
hemisphere.

Results
Task Blocks

= High degree of overlap suggests regions contributing to
cross-clue classification (presumably, cue-independent
responses).

= Poor ITD classification in right hemisphere (RH). = Successful classification for both cue

combinations (ILD—ITD and ITD—ILD).

» Combining voxels across both hemispheres (BH)
reduced classification error at lateral locations.
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Participants: N=10 total (3 male, 7 female) normal
hearing adults (22-35 years), right handed native
English speakers.

- Targets presented at rate of 2/7 trials. Thanks to Teemu Rinne for experimental design.
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DO NOT rule out cue-specific representations within subregions of AC.



